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Here we use:
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ACC skill scores for Sahel rainfall
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Partition of total variance of Sahel decadal rainfall
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—New framework to analyse sources of skill based on multi=linear
regression analysis

Yy =axiy + bxro +cr3+ €
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Sahel rainfall 6W AMV  1po residual (unfitted)

=8kill in predicting Sahel rainfall at decadal time scales is
understood as a combination of how well the model predicts the
timing of 6W, AMV and IPO and on how well it simulates the
raintall response to these signals
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—There is po‘tén‘ﬁa\ in predicting Sahel rainfall at decadal time scales
it the response to GW and AMV signals is well simulated
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